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— Complex Instructions: Fine-Grained Control
1. Garage 2. Laundry room 3. Compact bathroom 4. Home office 5. Nursery room
“Design a garage with a car parked at the center, “Create a laundry room with two front-loading washing “Create a compact bathroom with a shower stall in “Design a home office with a desk and a computer “Generate a nursery room with a baby bed and a small
two bicycles leaning against the back wall, machines side by side against the back wall, a countertop the corner. Add a tollet, a sink with a small vanity monitor as the central workspace, paired with a chair. changing table for infant care. Add a rocking chair
and a workbench along the side wall.” with a folding area directly opposite, and a drying rack and towel rack, and a bath mat on the floor.” Add shelving units with books and small decorative and a storage cabinet stocked with toys
with hanging garments in the corner.” items for storage and decoration.” and baby supplies.”
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